Proximal Policy Optimization
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Doesn’t specify a step size

Performance function (at timestep = t) optimization
problem in policy gradient methods:
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— How to set step size for update?

Conservative policy (Kakade &
Langford, 2002):
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For more flexibility:
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Penalty

— Difficult to choose a single value of C for different problems.
(Experimentally demonstrated)
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* Clipped Surrogate Objective
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* Adaptive KL Penalty Coefficient

(Worse Performance Experimentally)
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Algorithm 1: PPO, Actor — Critic Style

for iteration = 1,2, ... do
for actor =1,2,...,N do
Run policy mg ,, in environment for T timesteps
Compute advantage estimates 4y, ..., Ay
end for
Optimize surrogate L w.r.t. 8, with K epochs and
minibatch size M < NT
0010 < 0
end for
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