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• Will the stock go up or down

• Time Series Prediction

• What type of stock is this, risky?

• Time Series Classification

• Is the behavior abnormal?

• Outlier Detection
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VITERBI ALGORITHM
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BEST PATH UPTO HERE
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Probability of moving to a given state depends 
only on the current state:

1st Order Markovian

Probability of moving to a given state depends 
on the current state and previous state:

2nd Order Markovian
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Ingredients of a Hidden Markov Model
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