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OBSERVATIONS
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VITERBI ALGORITHM



BEST PATH UPTO HERE

6°.

BEST PATH UPTO HERE

¢



Probability of moving to a given state depends
only on the current state:

1st Order Markovian

Probability of moving to a given state depends
on the current state and previous state:

2nd Order Markovian



Ingredients of a Hidden Markov Model

 States.

{Sli Sz, ......... SN} {Ssunny; Srainy}

« State Transition Probabilities:

0.8 0.2
aij= P(qe41 = Sil q:=s; A= [0.4 0.6]

« Initial State Distribution:

21
m; = Plg; = S T = [gg]

« Initial State Distribution:

_ [0.8 0.2
bj(k) = Plo, =k|q, =518 = [o.4 0.6]
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